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Pandas is very useful for processing 2D tables

• Typical use-case: 
• Data from a colleague (i.e. an excel file)

• Output from a software that was saved to disk (i.e. a csv file)

• Use pandas

conda install pandas
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Loading a pandas table from a csv file
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Display just the first 3 rows of a table:

Display just the last 3 rows of a table:

import pandas as pd

df_csv = pd.read_csv('../../data/blobs_statistics.csv')
df_csv

df_csv.head(3)

df_csv.tail(3)
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Creating pandas tables from Python data
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• from a nupy array • from a dictionary

import numpy as np

data = np.random.random((4,3))
column_header = ['area', 
'minor_axis', 'major_axis']

pd.DataFrame(data, 
columns=column_header)

measurements = {
"labels": [1, 2, 3],
"area": [45, 23, 68],
"minor_axis": [2, 4, 4],
"major_axis": [3, 4, 5],
}

pd.DataFrame(measurements)
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Saving pandas tables to disk
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df.to_csv(”output.csv")
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Select a table column similar to an element of a dict
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cities[‘City’]
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Select multiple columns with a list of column names
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cities[ [‘City’, ’Country’] ]

Note the 
double 

brackets
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Select table rows through the loc object
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data_frame.loc[ 0, [‘City’, ‘Country']]
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Select individual cells
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data_frame[‘City'][0]

‘Tokyo’
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Selecting rows that fulfill criteria

• Select cities with an area of more than 2000 km2
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cities["area"] > 2000

cities[ cities["area"] > 2000 ]
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Combining similar tables

• If tables have the same columns
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pd.concat([countries1, countries2])
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Keep information about the data source

• Add a column to each table before concatenating them
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pd.concat([countries1, 
countries2])

countries1[‘Survey ID’] 
= 26

countries2[‘Survey ID’] 
= 73
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Handling NaN values

• Usually indicate missing data

• Can cause errors when handling the data

• The easiest is to drop them using the “.dropna” method

• Drops any row containing a NaN value
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data_no_nan = data.dropna(how="any")
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Work with tidy-data when processing tables

• Each variable is a column.

• Each observation is a row.

• Each type of observation has its own separate data frame.
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data_frame.melt()

Not tidy:

Tidy:


